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A Fast Leakage-Aware Full-Chip Transient
Thermal Estimation Method

Hai Wang™, Jiachun Wan, Sheldon X.-D. Tan", Senior Member, IEEE, Chi Zhang,
He Tang, Member, IEEE, Yuan Yuan, Keheng Huang, and Zhenghong Zhang

Abstract—Accurate and fast thermal estimation is important for the runtime thermal regulation of modern microprocessors due to
excessive on-chip temperatures. However, due to the nonlinear relationship between the leakage power and temperature, full-chip
thermal estimation methods suffer slow speed and scalability issue when the increasing static leakage power is considered. In this
work, we propose a new fast leakage-aware full-chip thermal estimation method. Unlike traditional methods, which use iteration to
handle the leakage-temperature nonlinearity dependency issue, the new method applies a dynamic linearization algorithm, which
adaptively transforms the original nonlinear thermal model into a number of local linear thermal models. In order to further improve the
thermal estimation efficiency, a specially-designed adaptive model order reduction method is integrated into the thermal estimation
framework to generate local compact thermal models. Our numerical results show that the new method is able to accurately estimate
full-chip transient temperature distribution by fully considering the nonlinear leakage-temperature dependency with fast speed. On
different chips with core number ranging from 9 to 36, it achieved 85x to 589 x speedup in average against traditional iteration based
method, with average thermal estimation error to be around 0.2°C.

Index Terms—Thermal estimation, transient analysis, leakage, full-chip
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1 INTRODUCTION

HERMAL and its related reliability issues have become
the primary concerns for high performance microproc-
essors, especially after the breakdown of the so-called Den-
nard scaling, since power density starts to increase as
IC technology advances [1], [2]. To enhance reliability,
researchers have proposed many thermal regulation or
dynamic thermal management methods, including clock
gating, power gating, Dynamic Voltage and Frequency Scal-
ing (DVFS), and task migration techniques [3], [4], [5], [6].
To make all of those on-chip thermal management tech-
niques work, one critical aspect is to correctly estimate the
full-chip temperature profile. Some existing methods rely
on on-chip physical thermal sensors to make thermal regu-
lation decisions. However, the limitation in those methods
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is that only very few physical thermal sensors are available,
thus the temperature information obtained only from
sensors may be insufficient or sometimes misleading for
thermal regulation decision making. On the other hand,
obtaining on-chip temperature information by runtime full-
chip thermal estimation becomes a more practical solution.
These methods first construct the thermal model of the pro-
cessor, and then calculate the thermal estimation based on
the power estimation as inputs to the thermal model [7], [8].
As a result, they are able to obtain temperatures at positions
where there are no physical thermal sensors.

One major drawback of existing runtime full-chip esti-
mation methods is the lack of static (leakage) power consid-
eration. It is well known that power of microprocessors is
mainly composed of dynamic power and static (leakage)
power. Dynamic power is caused by the logic gate switch-
ing, and can be estimated by obtaining the logic activity rate
of each module using performance counter. Most existing
runtime full-chip thermal estimation methods use dynamic
power only without considering leakage power or just use
simplified leakage power models. One reason is that
dynamic power accounts for the majority of the total power
for old IC technologies, thus considering dynamic power
only is sufficient for runtime thermal estimation. Another
reason is there exists the nonlinear relationship between
leakage power and on-chip temperature. As a result, ther-
mal estimation considering leakage power becomes nonlin-
ear transient simulation process, which is difficult to
compute and cannot scale to very large problem sizes (such
as full-chip thermal analysis) for runtime applications.

However, for today’s microprocessors, the leakage power
cannot be neglected anymore in runtime thermal estimation
as the percentage of leakage power in total power is quite
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significant for new generations of the microprocessors. The
breakdown of Dennard scaling is a clear indication of this
trend as leakage power does not scale with transistor size [1].
What is even worse is that leakage is exponentially depen-
dent on temperature, so the leakage power will cause the pro-
cessors to heat up and further increase leakage power itself.
As a result, leakage power is one of the most important limit-
ing factors of processor performance today and an important
or even major part of total power for thermal estimation.

In order to take the important leakage power into
account for runtime thermal estimation, we have to fully
consider nonlinear interactions between leakage power and
temperature. Existing iterative methods were proposed to
handle such nonlinearity [9], [10] for steady state thermal
estimation. Although these methods are considered to be
accurate, they perform temperature calculation using ther-
mal model multiple times in the iteration, which is slow for
full-chip thermal estimation. The Green’s function based
technique was also proposed to handle the leakage-aware
thermal estimation problem in [11]. However, it is unable to
handle general transient thermal estimation. More discus-
sions of relevant work will be given in the next section.

In this article, we propose a fast leakage-aware full-chip
transient thermal estimation method. The new method tries
to mitigate the mentioned problems in the existing full-chip
thermal estimation methods. Our major contributions are
summarized as follows:

(1)  First, to avoid the iteration between thermal analysis
and leakage analysis, the new method uses Taylor
expansion based local linearization technique to
build a number of localized linear thermal models.
The new linear thermal models are formulated in tra-
ditional thermal model form, so that general simula-
tion methods can be easily applied to them.

(2) To further increase the thermal estimation speed, a
specially designed model order reduction method
with partial and incremental SVD update technique
is integrated into the estimation framework to gener-
ate local compact thermal models.

(3)  Numerical results demonstrate that the new thermal
analysis method is able to accurately estimate full-
chip transient temperature distribution by fully con-
sidering the nonlinear leakage-temperature depen-
dency and it is significantly faster than the iteration
based method.

The remaining part of this article is organized as follows.
In Section 2, we first review the important works in fast
thermal estimation of IC systems. Next, in Section 3, we
present the basic knowledges of static power modeling and
thermal modeling techniques, and introduce the iteration
based leakage-aware thermal estimation and its problems.
Then, we demonstrate our new fast leakage-aware full-chip
transient thermal estimation method in Section 4. The
experimental results showing the accuracy and speed of the
newly proposed method are presented in Section 5. Finally,
Section 6 concludes this article.

2 PRIOR WORK

In this section, we briefly review some important researches
in fast thermal estimation of IC chips, especially in leakage-
aware thermal estimation.
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Many thermal estimation methods have been proposed to
aid thermal aware design and runtime thermal regulation of
the microprocessors. The thermal estimation using numeri-
cal finite element methods (FEM) or finite difference meth-
ods (FDM) such as ANSYS and COMSOL are quite accurate
but very computationally expensive. These tools do not fit
well for architectural level thermal aware design and run-
time thermal regulation in which estimation speed and effi-
ciency are critical. As a result, many efforts were devoted to
accelerating the FEM /FDM based thermal estimation: ISAC
utilizes the spatially adaptive thermal modeling technique to
increase thermal estimation speed [7]; model order reduction
based methods speed up thermal estimation by reducing the
size of the original thermal model [12], [13], [14]; HotSpot
simplifies the package and chip model by using compact RC
based model [10], [15]. TILTS was developed based on Hot-
Spot by assuming power remains constant between two
adjacent discrete time points [16].

Besides FEM/FDM based methods, Green’s function
based methods were also proposed for full-chip thermal esti-
mation using 2-D spatial Fourier transforms, such as the work
in [17]. Unlike FEM /FDM based methods which usually have
no problem at performing transient thermal simulation,
Green'’s function based methods are mainly used for steady
state thermal analysis [17]. To mitigate this problem, the
Power Blurring method was developed based on the Green’s
function with transient thermal estimation ability [18].

The works mentioned above share a common problem:
they have difficulty in considering the temperature depen-
dent leakage power for transient thermal estimation,
because they are based on linear thermal systems. Only few
fast thermal estimation works are able to handle leakage
power. For instance, HotSpot applies the iterative based
method for steady state analysis with degraded simulation
efficiency. In [19], researchers proposed a method to esti-
mate leakage power using coarse-grained thermal models.
However, this method does not have transient estimation
ability, and the leakage power it provides is too coarse to be
used for full-chip thermal estimation. Recently, Light-
Sim [11] and 3DSim [20] try to provide a leakage-aware
transient thermal estimation method based on Green’s func-
tion. However, they are limited to calculating the step tem-
perature response with only constant (time invariant) input
power map, and is not able to perform general transient
thermal estimation with time varying power map traces.

3 BACKGROUND

In this section, we first present static power modeling and
thermal modeling techniques, which are important basic
knowledges for our new work. Then, we show the tradi-
tional iteration based solution of the leakage-aware thermal
estimation, and point out its problems, which are solved in
this work. The mathematical notations used in this article
are summarized in Table 1 for better presentation.

3.1 Static Power Modeling

It is well known that, the total power of chip, denoted as p,
is composed of dynamic power and static power. The
dynamic power, denoted as p,;, depends on the activity of
the chip, and thus can be easily estimated by performance
counter based methods [21], [22], [23].
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TABLE 1
Mathematical Notations

p, P total power in scalar form and vector form

pa, Py dynamic power in scalar form and vector form
Dss Ps static power in scalar form and vector form

Ticar total leakage current

Loubs Lyate subthreshold current and gate leakage current
Liin linearized subthreshold current

vy thermal voltage

T, T temperature in scalar form and vector form

Ty, Taylor expansion temperature point

K,n process related parameters for leakage current
Py, A vector and matrix for linear static power model (9)
G,C,B, L thermal model matrices of the whole system

Y temperature vector with only chip temperatures
G new G matrix for linearized thermal model

M sampling response matrix used for MOR

M, new M at new Taylor expansion points

M, sampling response matrix with both M and M,
U3V SVD matrices of M as in (15)

U, 2,V SVD matrices inside incremental SVD

F,H,UL % temporary matrices inside incremental SVD

QR QR factorization matrices inside incremental SVD
U, the projection matrix in MOR

G,C, B L reduced linearized thermal model matrices

T temperature vector in the reduced thermal model

Very different from dynamic power, the static power p;,
caused by leakage current /. as

Ds = V;ld[lea/ﬁ (1)

is independent of the chip’s activity. Values of static power
are harder to obtain than dynamic power, mainly because
of the special temperature sensitivity caused by leakage cur-
rent. IC leakage current has various components, including
subthreshold current, gate current, reverse-biased junction
leakage current and so on. Among these components, sub-
threshold current I,,;, and gate leakage current I . are the
main parts. As a result, we can ignore other parts of leakage
and get the leakage current approximation [19], [24], [25] as

Liear, = Ty + Igate- (2

The subthreshold current is modeled in the commonly
accepted MOSFET transistor model BSIM 4 [26] as (also
apply VDS > ur [19])

o Yas—Vu —Vbs o Yas—Vu
Iyy = Kvpte  mr (1 —e o | = Kvp“e mr 3)

where vy = % is the thermal voltage and 7), is a scalar rep-
resenting temperature at one place,1 K and 5 are process
related parameters, and V}, is the threshold voltage.

While the subthreshold current is highly related to tem-
perature, the gate current /., which results from tunneling
between the gate terminal and the other three terminals,
does not depend on temperature and can be considered as a
technology-dependent constant.

Apparently, the leakage current has a complex relation-
ship with temperature. In this work, we use (1), (2), and (3) to
model the static power considering such relationship. The

1. T introduced latter in (4) is a vector representing temperatures at
multiple positions.
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Fig. 1. Comparison of leakage of a TSMC 65 nm process MOSFET from
HSPICE simulation with its curve fitting result using (3). An example of
temperature region division is also shown in the figure, which will be dis-
cussed later.

parameters of leakage current can be obtained by curve fit-
ting using HSPICE simulation data. In order to see the accu-
racy of the model used, Fig. 1 shows an HSPICE simulation
result of leakage using TSMC 65nm process model and its
curve fitting result using approximate leakage model. From
the figure, we can see that the static power model has high
accuracy for all common temperatures of IC chips.

We can conclude that the static power distribution
depends mainly on the temperature distribution for a cer-
tain chip with constant physical parameters. Since tempera-
ture also depends on power, in order to view the whole
picture, thermal model of IC chip is used to describe tem-
perature’s dependency on power as shown next.

3.2 Thermal Modeling
In order to calculate the full-chip temperature distribution, a
thermal model with the ability to link the power and tem-
perature is needed. To perform thermal analysis for an IC
chip, we usually divide both the chip and its package into
multiple blocks called thermal nodes, with the partition
granularity determined by accuracy requirements. Then we
compute the thermal resistances and capacitances among
these thermal nodes, which model the thermal transport
and power response behaviors.

For example, for a certain chip with n total thermal
nodes, we can generate its thermal model as

GT(t) + c%ﬁt) = BP(T}t), "
Y(t) = LT(t),

where T'(t) € R" is the temperature vector (distinguished
from 7T}, which is a scalar representing temperature at only
one place), representing temperatures at n places of the chip
and package; G € R™" and C € R"*" contain equivalent
thermal resistance and capacitance information respec-
tively; B € R" stores the information of how powers are
injected into the thermal nodes; P(7}t) € R is the power
vector, which contains power consumptions of / compo-
nents on chip, including both dynamic power vector P; and
static power vector P, ie., P(T,t)= Py(T,t)+ Py(t),
reminding that static power P;(T,t) is actually a function of
temperature T’ Y(t) € R™ is the output temperature vector,
containing only temperatures of thermal nodes that the user
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Fig. 2. Flow diagram of traditional iteration based transient thermal esti-
mation method for one time step.

is interested in, for example, thermal nodes on the chip only
(excluding package thermal nodes); L € R"*" is the corre-
sponding output selection matrix which selects the m chip
temperatures from 7'(¢).

Model (4) successfully links power and temperature dis-
tribution of chip, but for computer based simulation, we still
have to take care of the differential term “d7'(t)/dt”. Nor-
mally, we can discretize it, for example using backward
Euler’s method with time step h as

<%+ G)T(t +h) = %T(t) + B(Py(t + h) + Ps(T,t + h)). (5)

The next question would be how we can use the thermal
model (5) for transient thermal estimation. It seems straight-
forward as in the flowing way: simply take 7'(¢) (previously
calculated, or initial value provided) together with the
power information, and we are able to calculate the state of
the next time step 7'(t + h). However, such transient ther-
mal estimation is valid for dynamic power only scenario
and cannot be used if static power is considered. This is
because the static power P,(7,t + h) is a function of current
temperature 7'(t+ h), leading to the fact that we need
T(t+h) to compute Py(T,t+h) while we also need
P,(T,t+h) to compute T'(t+ h), similar to the famous
chicken or the egg causality dilemma.

3.3 Iteration Based Leakage-Aware Thermal
Estimation

As explained before, due to the dependency of static power
on temperature, (5) is a nonlinear equation, and as a result,
T(t + h) cannot be calculated directly. Traditionally, iterative
method is used to solve such equation [9], [20], [27], using the
flow for one thermal estimation time step shown in Fig. 2.

First, based on the process technology used, we determine
PY(T,t + h), which is an initial guess of Py(T,t + h). Temper-
ature distribution T'(t + h)" is calculated using (5) with such
initial guess. Then, the static power is updated as
PN(T,t + h) using (1), (2), 3) with T(t + h)". Next, tempera-
ture distribution can be updated again as T(t + h)' using
thermal model (5) and P! (7, ¢ + h), which concludes one iter-
ation loop. Such iteration goes on until the convergence test
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is satisfied as ||P!(T,t+h)— P:"'(T,t+h)|| < e. Finally,
T(t + h)"" is outputted as the estimation result for the cur-
rent time step.

Although the result of this iteration based method is con-
sidered to be accurate when the tolerance ¢ is chosen to be
small enough, its computing time is a serious problem. For
full-chip leakage-aware temperature estimation, thermal
model in (5) is large, especially when a fine-grained chip
thermal analysis is needed. Solving (5) many times at each
time step makes the simulation time to be long, which is a
drawback of the iteration based method when it is used for
runtime temperature estimation.

4 FAST LEAKAGE-AWARE FULL-CHIP THERMAL
ESTIMATION

In this work, in order to resolve the long computing time
problem of the iteration based method, we propose a novel
non-iteration based fast full-chip temperature estimation
method, which adaptively transforms the original nonlinear
thermal model into local linear thermal model to avoid the
time-consuming iterations. In addition, an adaptive model
order reduction method with incremental SVD update tech-
nique is specially designed and integrated into the non-
iteration based thermal estimation method to achieve further
speedup.

4.1 Local Linearization of Subthreshold Current
As shown before, the major difficulty of calculating leakage-
aware temperature distribution comes from the nonlinear
thermal model shown in (5), which is caused by the nonlinear
dependency of subthreshold current on temperature. Thus, a
basicidea of our proposed method is to approximate the origi-
nal nonlinear leakage model using multiple new linear leak-
age models. By using such linear leakage models, we can
reformulate the original nonlinear thermal model into multi-
ple linear thermal models, such that traditional non-iteration
based thermal estimation method can be applied to them.

In order to generate a linear leakage model, we perform
Taylor expansion on the original nonlinear /,,, model (3) at
a reference temperature point 7}, as

k 2 Vs —Vin)
Tap =K(-] e 1kTp,
q

o (Tpoz + (QTpo B Q(VGS;?]; Vm)) (T, - Tp0)> (6)

+ 0[(Tp - Tpo)g]:
where o[(T), — T,,U)Z] is the remainder. If we approximate the

original function by ignoring the remainder o[(T, — T,,)*],
we can then get the linearized I, denoted as Ij;,

N\ 2 aVes—Van)
[lin =K (7) e KTy
q

aVas — Vi
x <Tm2 + <2T,,0 - %) (T, — Tpo)).

Normally, the approximation accuracy of I, can be
guaranteed when the reference temperature point 7, is
close enough to the actual temperature value 7). From

(7)
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previous research, it has been shown that due to the charac-
teristics of today’s semiconductor process, such local linear
approximation of leakage has high accuracy around the
expansion temperature point [11], [19].

4.2 Formulating Local Linear Thermal Model

Since we have linearized the relation of subthreshold cur-
rent and temperature, we can rewrite the static power and
temperature relation in a linear form as

Ps = ‘/ddllcuk'
= V;ld X (Ilin + Igatc) (8)
= ‘/dd X (Ilin (Tp) + ](3077,51,)7

where I;;,(T),) represents the terms associated with 7}, in (7),
I .ons contains constant terms that are not associated with 7,
in (7) and the gate leakage /..

Based on this new static power model, we can rebuild a
linear thermal model to replace (5). In order to do that, we
need to integrate (8) into (4). Please note that (8) is in scalar
form for only one certain thermal node while (4) is in vector/
matrix form including information of all thermal nodes. So
we first rewrite (8) in vector/matrix form by collecting and
accumulating scalars I;;,(T),) and I,,,s at multiple positions
of the chip into vectors, then change the current variables to
power by multiplying voltage V4. Rewriting from (8), the lin-
earized static power representation in vector /matrix form is

where Py € R! is a known vector, with each element formed
by terms not associated with 7}, in (8) at each position of the
chip. A, € R™" is a known rectangular diagonal matrix (the
left I x{ block matrix is diagonal representing thermal
nodes on the chip, and the right [ x (n — ) block matrix is
all zeros representing the thermal nodes of package), with
each diagonal element formed by the coefficient associated
with 7, in (8) at each position of the chip.
Integrating (9) into (4), and let G; = G — BA,, we have
art)+ 0~ B + By,
Y(t) = LT(t).

(10)

Now, we have successfully obtained a linear thermal model
considering static power and eliminated the nonlinear rela-
tionship of static power and temperature. Then, we can dis-
crete this model using backward Euler’s method, resulting
in its transient estimation form similar to (5) as

(% + GZ>T(t +h) = %T(t) + B(Py(t +h) + R, (11

Y(t+h) = LT(t + h).

Obviously, simulating the locally linearized leakage-aware
thermal model is as straightforward as in (5) by viewing “G”
as the new “G” matrix, and “F,(t) + Fy"” as the new “P(T,t)”
vector.

4.3 Selecting the Proper Expansion Points
Although the new linear thermal model can be generated as
shown before, the Taylor expansion temperature points still

need to be determined since the linear thermal model accu-
racy depends on them, and F and A, in (9) are formulated
by the expansion point information. Now, we discuss how
to choose proper values of T}, for thermal nodes on the chip.

As shown in Section 4.1, as a property of Taylor expansion
approximation, linear approximation (7) (also the equivalent
(9) and (10)) is accurate if the actual temperature 7, (or 7" in
vector form) is close enough to 7, . As a result, in order to
ensure the approximation accuracy, we want each expansion
point 7}, to be close to the actual temperature 7}, in transient
thermal estimation. This means that the straightforward
choice of an expansion point is T,, = 7,,. However, such
strategy requires updating 7},, at each time step, leading to
long computing time because many LU decompositions
have to be performed. To see this problem clearly, please
note that we need to perform LU decomposition of
(§+ G — BA,) in the transient thermal estimation process in
(11), and matrix A; depends on the Taylor expansion points
T, If we update the expansion points for every estimation
time step, LU decomposition also has to be re-performed for
every time step, causing serious computing cost problem.

In order to balance the accuracy and computing cost, we
need to propose a flexible strategy to update the Taylor
expansion point 7;,,. By observing Fig. 1, we notice that at
positions where the nonlinearity of Iy, is relatively weak,
o[(T, — Ty,)?] can be small even if T, is far from T}, Inspired
by this, we propose a strategy to determine Taylor expan-
sion points in transient analysis: for each temperature, we
set a temperature region with a certain length, as shown in
Fig. 1. Assume T}, is taken as the Taylor expansion point for
a thermal node, such expansion point 7},) will be used when
the node temperature 7), is within the temperature region of
Ty, (in Fig. 1, it is the region with 10°C length as example).
We may update the expansion point only when the node
temperature 7T}, is out of the temperature region of 7},,. The
temperature region lengths are determined off-line accord-
ing to the nonlinear temperature-leakage curve of a specific
fabrication process to balance the estimation accuracy and
speed. In general, shorter temperature region leads to better
accuracy but slower speed for estimation, as shown later in
experiments (Section 5.4). In addition, the region can be
shorter for temperature point with stronger nonlinearity,
and vice versa. For the temperature-leakage curve shown in
Fig. 1, the strengths of the nonlinearity are quite similar for
the whole temperature range, so we simply use the same
region length for all temperatures.

It is also noticed that 7}, is an unknown variable. Thus,
we need some available information to replace 7}, in order
to determine the correct temperature regions and the corre-
sponding Taylor expansion points. In this work, we employ
the on-chip physical thermal sensors to achieve such pur-
pose. Since there are only limited number of thermal sen-
sors and we also do not want to change the linearized
model (10) (45 and F) for temperature region change at sin-
gle or very few positions, we use the thermal sensor read-
ings to test our estimation error in real-time and determine
whether we should change the linearized model or not.
Assume there are k thermal sensors with readings at current
time as T, Tienys- - - Lsen,, and the corresponding esti-
mated temperature values by (10) at thermal sensor posi-
tions are Teg,, Testys - - - Testy,- Then the maximum estimation
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error at the sensor positions is calculated as

Errmam = . 1 |Tsen,- - Tssti|~ (12)
i=

k

If Errpae > Erry, where Erry, is the user defined threshold
value, it means that the current linear thermal model (10) is
not accurate any more, as demonstrated experimentally in
Fig. 6. In this case, we update the linear thermal model by
changing the Taylor expansion points for all thermal nodes
based on their temperature regions as shown in Fig. 1. Oth-
erwise, we just keep using the current linear thermal model
and continue the transient thermal estimation process.

Besides being able to estimate temperature at runtime
with thermal sensors, the new method can also be used at
design time when thermal sensor is unavailable. As a result,
we propose a thermal estimation solution even without
thermal sensor information: we simply estimate the temper-
ature regions using the temperature distribution at previous
time point and determine expansion points for all nodes.
Testing this strategy with “lin & svd update” on the 16-core
system as shown in the experiment section, we still get a
good result in both accuracy and speed: an average temper-
ature estimation error of 0.32°C and an average speedup of
56.64x against “ite” and 11.39x against TILTS.

4.4 Speed up Thermal Estimation by Model Order
Reduction with Incremental SVD Update

Although we have successfully obtained linear thermal mod-
els to avoid iterations, the size of the linear thermal model in
(10) is large especially when fine-grained thermal analysis is
performed. One may naturally assume that traditional
model order reduction (MOR) can be applied to the linear
thermal model (10) to further speed up thermal estimation.
Unfortunately, such simple strategy does not work well for
the leakage-aware thermal estimation. The reason is that the
linear thermal model keeps changing during thermal estima-
tion process due to the change in Taylor expansion points
introduced previously. In order to handle that, one may offer
two solution choices, but neither of them will work. One
choice is to re-perform MOR upon the change of linear ther-
mal model. However, by taking this solution, we may end
up with limited speedup or even longer estimation time
because MOR process itself takes a lot of time as it requires
solving the original linear thermal model. Another choice is
to perform MOR offline for all possible linear thermal mod-
els, and store the reduced models in a library for online ther-
mal estimation usage. However, since each position on chip
has multiple potential temperature regions, the number of
possible linear thermal models is extremely large. Perform-
ing MOR on all these possible linear thermal models offline
and storing them in a library is impossible for both comput-
ing time and storage aspects.

In this section, we propose a model order reduction
method specially designed for our new leakage-aware ther-
mal estimation method. It updates the projection matrix of
MOR for only few necessary scenarios. The projection matrix
update is also performed in an incremental way, which
greatly reduces the update number and MOR computing
time. We will first introduce how MOR is applied to single
linear thermal model, then the proposed MOR method for
the leakage-aware thermal estimation is presented.
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4.4.1 Model Order Reduction for Single Linear Thermal

Model

First, we show how MOR can be performed on single linear
thermal model (10) to generate a compact thermal model.
Modern MOR methods are mostly projection based [28],
[29]. The basic idea of these projection based methods is to
pass the important information of the original model to the
reduced model through the projection process. Depending
on which information is passed to the reduced model, projec-
tion based MOR methods can be classified into several cate-
gories. In this article, we demonstrate the popular sampling
based MOR method, which passes original model’s state fre-
quency responses of several frequency points (called sam-
pling points) to the reduced model through projection.
Please note that many other MOR methods can also be used.

To formulate the projection matrix, we need to compute
the state frequency responses of the thermal model (10) at
the sampling points. Assume we choose several sampling
points sy, s2,. .., s,, for the ith sampling point, we calculate
the corresponding state frequency response of (10) as

T(s;) = (G + s:0) ' B, (13)

where T(s;) € R"*!.? By collecting frequency responses of
all sampling points, we can generate a sampling response
matrix as

M =[T(s1) T(s5) ... T(s,)], (14)

where M € R™P.

On the sampling point selection side, we suggest choose
more low frequency sampling points for thermal models.
This is because the equivalent thermal circuit works as a
low pass filter, most high frequency component on the
power side will be filtered out on the temperature side. In
another word, temperature does not have much high fre-
quency component even when the input power is changing
fast. We have plotted the frequency responses of the original
thermal model and the reduced model generated using low
frequency samples in experiment part (Fig. 8). It is clear that
the frequency responses show low pass filter properties,
and the reduced model only shows noticeable error beyond
100 Hz, which already has a huge magnitude drop from
DC. We also remark that sampling points can be found in
an adaptive and automatic way to optimize the wide fre-
quency band accuracy. For details of such automatic sam-
pling point selection methods, please refer to [30].

It is noted that M may contain a lot of redundant infor-
mation, since frequency responses of two different sampling
points may contain similar information. In order to get rid
of the redundancies, we further perform singular value
decomposition (SVD) on M as

usvlt & pm (15)

where U € R"*" is a unitary matrix whose columns span the
column space of M, V € R?*" is also a unitary matrix whose
columns span the row space of M, 3 € R™ is a diagonal
matrix with non-negative singular values o; listed in

2. Since we want the reduced model to be compatible with all differ-
ent input combinations, we replace the input vector with an identity
matrix.
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descending order on the diagonal. One property of SVD is
that the singular value reveals the importance of its corre-
sponding column space basis in U as well as its row space
basis in V. In another word, if o; is very small, we can sim-
ply eliminate o; as well as the ith columns of U and V in
(15), and still get a quite good approximation of M/, meaning
information in ith columns of U and V' is redundant.

The fact that singular values are ordered in 3 means col-
umns of U are ordered by importance. So, we only need to
keep the first ¢ columns of U and eliminate other columns
without losing much accuracy, as

Uy=[u ug ... uyl, (16)

where u; is the ith column of U. U, retains the most impor-
tant column space information of M. So, we can use U, as
the projection matrix, and generate a reduced model as

Gt + i)fB<Pd(>+Po>,

Y(t) = LT(1),

where G; € R4, ¢ € R4, B € R™!, and L. € R™*4 are cal-
culated as

(17

G =U'GU,, C=U'CU,,B=U"B,L = LU,.  (18)

4.4.2 Thermal Estimation Using Reduced Local Linear
Thermal Models

Performing thermal estimation using single reduced thermal
model is easy with the following transient simulation form

(i-O-Gz) (t-i—h):%

Y(t+h) =

T(t) + B(Py(t + h) + Py), (19)

LT(t + h).

However, in our situation, we obtain a series of reduced
local linear thermal models of different Taylor expansion
points on the fly in thermal estimation procedure. Since
these reduced local linear thermal models may be generated
by different projection matrix U,, the direct thermal estima-
tion method shown above is invalid at the time when the
projection matrix U, is updated.

To see this problem clearly, assume we update the pro-
jection matrix U, at current time ¢+ h. Let the projection
matrix of previous time step ¢ as U} and the calculated
reduced temperature state at previous time step as TW(t).
Now if we calculate the reduced temperature state at cur-
rent time 7°°) (¢ + h) by directly using (19), we get

c©
h
(0)

=——TW(t) + BY(Py(t + h) + Py),

)T“@+h)
(20)

where CA}’](f) , C’(”’), and B are reduced models calculated
using current projection matrix U'®. Obviously, Equa-
tion (20) shown above is incorrect, because current reduced
model is generated by the new projection matrix U("), while
TP)(t) is calculated by previous reduced model which is
generated by U/). Please note that reduced temperature

states T (t) and T'°)(t) can be totally different, because
MOR only retains accuracy of the output (Y (¢) in (17)), but
not the state (7'(t) in (17)).

To solve such problem, we need to transform the previ-
ously calculated 7% () into the new subspace spanned by
the new projection matrix U("), so we can get the approxima-
tion of 7(9)(t). Because we have the following approximation

T(t) =~ U,T(t), (21)

which is applicable to both 7 (t) and T (t) with U and
U®), respectively, we can transform T@)(t) into current sub-
space to approximate 7 (t) as

7€) (t) ~ (UEC))TU’(lP)f’(m (t), (22)
where the symbol “1” means pseudo inverse.
Now, we modify (20) into the following form as
<d®+é@)fwu+hy:Q@aWWU@ﬁmm
h : hom ot (23)

+ BO(Py(t + h) + B).

This equation is used to handle the projection matrix update
in thermal estimation using reduced local linear models.

4.4.3 Specially Designed Model Order Reduction with
Incremental SVD Update

Now, we are able to generate compact thermal models using
previously presented method for transient thermal analysis.
However, because () depends on the Taylor expansion
points and U, is generated using G, the whole MOR process
introduced previously needs to be re-performed if the origi-
nal linear thermal model is updated due to the change in
expansion points. Obviously, we do not want to re-perform
the full MOR process every time the original model is
updated. Instead, we propose two methods to greatly reduce
the thermal estimation overhead caused by MOR.

The first method prevents thermal estimation from unnec-
essary updating of the projection matrix U, in MOR when the
linear thermal model is updated. It is based on the observa-
tion that one projection matrix may work for several thermal
models provided that the differences among these thermal
models are limited. To explain more clearly, assume the pro-
jection matrix U, is generated by sampling a thermal model
“Model A”. Then columns of U, span a subspace which
includes all sampling points’ frequency responses of “Model
A”. For another thermal model “Model B” with limited dif-
ference from “Model A”, the responses of important frequen-
cies of “Model B” may be still inside or not far away from the
subspace spanned by “Model A”. Thus, we can still use U,
generated by sampling “Model A” to reduce “Model B”.

Based on the discussion above, during the thermal esti-
mation process, even when the thermal model is updated
due to the expansion points change, we may keep on using
the previous projection matrix for the updated thermal
model if that projection matrix is determined to be still accu-
rate. The detailed operation is presented as follows. When
thermal model (19) needs to be updated due to expansion
points change, we first update matrix G; = G — BA,, and
then generate its corresponding reduced matrix G; using
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Fig. 3. The diagram of updating U, using the incremental SVD update method.

the previous projection matrix U,. Next, we calculate Err,,q,
using the temperature estimation results from the reduced
model with new GZ. If Err,,q. is smaller than Erry,, it means
the projection matrix U, is still valid and we continue the
thermal estimation using the updated reduced model. Com-
puting Gy with previous U, requires only one matrix multi-
plication, so the cost is very low. Instead, if Erry,,, is larger
than Erry,, meaning U, does not work well for the updated
thermal model. In this situation, we need to compute a new
projection matrix U, using the updated thermal model.

The second method takes action when the first method
determines that the previous projection matrix U, is not
valid anymore and should be updated. In that case, the sec-
ond method seeks for partial updating technique for the
projection matrix U, instead of re-computing U, from draft.
Such strategy comes from two reasons. First, if we compute
U, from draft, we need to re-perform the whole MOR pro-
cess including solving the new original model at the sam-
pling points and totally re-doing SVD of the new sampling
response matrix M. This will result in large computing cost.
Second, although the projection matrix U, is not good
enough for current temperature ranges (as determined in
the first method), it still contains important information for
some other temperature ranges (especially around the for-
mer temperature ranges, from which it is computed).
Because it is common that similar temperature distributions
may appear many times during the thermal estimation pro-
cess, throwing away all information of the previous U, and
generating a completely new projection matrix considering
only current situation is not an ideal choice. To further
increase the efficiency of MOR, we propose a method to
update U, partially and incrementally as shown next.

To keep the past useful information at updating the pro-
jection matrix, we first calculate a new sampling response
matrix, denoted as M,, using the updated linear thermal
model generated from the new Taylor expansion points.
Then we append M, to the previous response matrix M and
get a larger matrix as M, =[M M,]. M; contains both
current and previous thermal model information, i.e., M, is
able to reduce both current and previous thermal distribu-
tions (Taylor expansion points) induced thermal models
with good accuracy.

Obviously, there are redundant information between M
and M,. In order to remove such redundancy and generate
a new compact projection matrix that covers important
information of A, one natural idea is to directly perform
SVD similar to previously introduced steps (15) and (16).
However, this leads to high computing cost.

A partial and incremental SVD update method can be
used instead of the original SVD process to deal with these
problems with much faster speed [31]. At the beginning of
thermal estimation process, we compute the first U, using
(15) and (16). Additionally, we also keep the truncated sin-
gular value matrix X, with only first ¢ singular values.
During thermal estimation process, when U, becomes
invalid, we use these two matrices U, and %,, together
with the new sampling response matrix ), to compute a
new diagonal matrix %, and left singular matrix U, as
shown in Fig. 3 and presented in the following. Let
F=U"M,, H=M,—UF,and QR ¢ H, where & denotes
QR factorization. We simply do SVD on a new boarded
diagonal matrix as

SVD ET F
UsV, [ 0 R}’ (24)
and the new U, and 3, are computed as
Uy = [Ur Q]Ut7 =2 (25)

Columns of U; are orthogonal column space basis of
[U, M,], which contain both previous and current sam-
pling point response information. More importantly, col-
umns of Uy, are also sorted in importance, revealed by the
diagonal values in 2. As a result, we truncate Uy, and 2, to
the order of ¢, generating the new U, and %, matrices as

S, —3(1:¢1:q),

where we borrowed Matlab-like expression to denote the
truncation process. Practically, in order to further reduce
computing time, we can perform the truncation one step ear-
lier at the SVD stage in (24). Obviously, the new U, contains
important information of both previous and current thermal
models, with redundancies between them removed.

The flow of the transient leakage-aware thermal analysis
with compact thermal model and specially designed projec-
tion matrix update strategy for one time step is summarized
using flow chart shown in Fig. 4.

U, —UL(:,1:q), (26)

5 EXPERIMENTAL RESULTS

In this section, we evaluate both accuracy and efficiency of
the proposed fast full-chip leakage-aware transient thermal
estimation technique.

5.1 Experiment Setup

First, we characterize the impact of temperature on
device leakage through HSPICE simulation. Based on the
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Fig. 4. Flow chart of our fast leakage-aware full-chip transient thermal
estimation method for one time step.

simulation data, we obtain the parameters of model (3)
through curve fitting as shown in Fig. 1. HotSpot 5.02 [15] is
used to build the thermal models of four different chips
with number of cores ranging from 9 to 36. The configura-
tion of the 16-core chip is shown in Fig. 5 as an example.
Sizes of all tested chips are 10 mm x 10 mm. Power estima-
tor Wattch [32] is used to generate the dynamic power and
instruction information by running the standard SPEC
benchmarks. We use different power traces from SPEC
benchmarks as the dynamic power traces of different cores
on the chips. The ambient temperature is set to be 40°C.

For thermal models of chips, we partition each core into
5 x 5 thermal blocks for fine-grained analysis, which results
in n = 912 to 3612 total thermal nodes (including package
thermal nodes) and m = 225 to 900 total on-chip thermal
nodes (excluding package thermal nodes), for systems with
core numbers ranging from 9 to 36. For MOR in this experi-
ment, we reduce the original models with orders n = 912 to
3612 into reduced models with much smaller orders g = 24
to 50, with three sampling points s; =0, s, = 30.001j,
s3 = £0.1j5. The whole duration of the transient thermal esti-
mation processes for all tests are 120s. In order to test the
proposed methods under a wide range of temperatures, we
scale the input dynamic power with different ratios during
the 120s estimation period. For error control in our pro-
posed methods, we set the threshold value Erry, to be 1°C
and the length of temperature region to be 10°C for all tests
unless specially noted.

For accuracy and speed comparison, we first perform the
iteration based thermal estimation (which is accurate but
time consuming as shown in Section 3.3) with extra fine esti-
mation time step 0.001s and power trace sampling interval
0.001s to serve as the golden accuracy baseline (called
“golden” in short). Then, two existing methods, the iteration
based method (called “ite” in short) and TILTS [16], are
used as the comparison counterparts of the new method. In
order to be fair, all three methods (“ite”, TILTS, and the new
method) share the same time step 0.01s. They also share the
same power trace which is averaged every 0.01s from the
power trace used in “golden”.

We compare the proposed method with TILTS because it
speeds up HotSpot by assuming power remains constant
between two adjacent discrete time points. However, TILTS

C11 | C12 | C13 | C14

C21 | C22 | C23 | C24

C31 | C32 | C33 | C34

C41 | C42 | C43 | C44

Fig. 5. Configuration of the 16-core chip. We put a probe grid (red square
near the center) to demonstrate the transient temperature and power
results.

is not able to deal with the nonlinear relationship between
leakage power and temperature [16]. In addition, TILTS can
be neither improved into an iteration based framework (like
“ite” modified from HotSpot) nor an adaptive Taylor expan-
sion based framework (like our new method) to handle
leakage’s nonlinear effect. In order to retain its original fast
speed while still considering leakage/temperature depen-
dency, we improve TILTS by linearizing leakage at a single
Taylor expansion point using (9) to generate a new linear
system like (10). Since TILTS can only be built based on one
Taylor expansion point, we choose such point as 80°C
which is the middle point of our test temperature range
(from 40°C to 120°C). Matrices of TILTS with 0.01s time step
are computed offline using HotSpot simulation with 0.0001s
time step, using procedure presented in [16].

Because our complete method includes three techniques
(Taylor expansion based linear thermal models, applying
MOR to the linear models on the fly, and using incremental
SVD update to MOR), we use three cases, each with one
more new technique than the previous one, to better analyze
our proposed method. Specially, we use “lin only” to repre-
sent the first case, i.e., using Taylor expansion based linear
thermal models only without MOR involved. “lin & svd
batch” is used to represent further applying MOR to the lin-
ear thermal models and totally re-performing SVD to new
sampling response matrix. “lin & svd update” represents
the ultimate form of our newly proposed method, using all
three techniques, i.e., using Taylor expansion based linear
thermal models with incremental SVD update based MOR.
As mentioned previously, we also use “golden” to represent
the iteration based method with extra small simulation time
step (0.0001s) and “ite” to represent the iteration based
method with the normal simulation time step (0.01 s, shared
by all methods in comparison) in figures and tables.

5.2 Estimation Accuracy of the Proposed Method
We first test the accuracy of the proposed thermal estima-
tion method. Here we use the 16-core chip as an example
for demonstration and discussion. Results on other chips
are also collected and will be discussed later.

In order to demonstrate the transient thermal estimation
results, we choose one grid near the center of the chip
(marked as the red square in Fig. 5) to be the probe grid.
The probe grid’s input dynamic power during the transient
thermal estimation process is shown in Fig. 6a. The esti-
mated temperature results at the probe grid are shown in
Fig. 6b to analyze the accuracy of different methods. From
Fig. 6b, we can see that the curve representing “ite” overlaps
with that of the golden result. Besides, the three curves rep-
resenting “lin”, “lin & svd batch”, and “lin & svd update”
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(d) Temperature error trace of using “lin & svd batch” method.
Blue circles represent updating compact thermal model with
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(e) Temperature error trace of using “lin & svd update” method.
Blue circles represent updating compact thermal model with
former projector U, red stars represent updating both U, and
compact model when former projector becomes invalid.

Fig. 6. Accuracy comparison and maximum estimation error traces of the
proposed method on the 16-core chip.

are very close to the golden curve as well, showing very
small estimation errors. Such observation means that using
Taylor expansion based local linear thermal models for
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Fig. 7. Full-chip power distribution and thermal distribution estimation
errors of the 16-core chip at a random time point.

thermal estimation is accurate (verified by curve “lin”), and
further performing MOR on the linear thermal models (veri-
fied by curve “lin & svd batch”) and even MOR with incre-
mental SVD update (verified by curve “lin & svd update”)
introduces negligible estimation error. The curve of TILTS
is far away from the golden one for most estimation time,
showing large estimation error. This is because the linear
leakage model of TILTS is only accurate around its single
Taylor expansion point (80°C in this experiment).

We also would like to see how the new method changes
linear models and updates the projection matrix U, during
the thermal estimation process. So, we plot the maximum
transient temperature errors across the chip for all three
cases in Fig. 6, and also mark the linear model change points
and projection matrix U, update points in the figure. We can
see that for all three cases, every time the maximum thermal
estimation error is going to violate our pre-defined error
threshold, the linear thermal model is changed by using the
new Taylor expansion points, resulting in an immediate
and significant drop in estimation error, as expected. Fur-
thermore, “lin & svd batch” and “lin & svd update” show
slightly larger thermal estimation errors than “lin only”
case. This means MOR did introduce small extra error as
expected, but it can significantly reduce estimation time as
will be shown later. The transient maximum thermal esti-
mation error waveforms from “lin & svd batch” and “lin &
svd update” are very similar to each other, meaning using
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TABLE 2
Accuracy and Speed of Different Thermal Estimation Methods
core # method model size temp err power err time speedup speedup
{9 (%) (s) vs ite vs TILTS
max avg max  avg max avg min avg min avg
9 ite 912 384 007 653 012 5859 56.22 NA NA
TILTS 6.45 083 1749 293 1330 13.26 4.07 4.28 NA
lin only 396 017 752 0.9 8.06 7.67 6.85 7.33 1.64 1.72
lin & svd batch 24 449 022 765 037 2.39 0.71 23.67  79.63 5.47 18.66
lin & svd update 449 022 766 038 1.77 0.68 32.05 84.39 7.40 19.78
16 ite 1612 423 007 689 015 21057 204.72 NA NA
TILTS 705 081 1696 272 4279 4147 4.81 4.94 NA
lin only 463 016 764 018 3442 29.92 6.10 6.82 1.22 1.39
lin & svd batch 32 476 019 774 032 1229 1.79 16.27 11257 335 22.70
lin & svd update 476 019 774 032 5.09 1.15 39.48 17454  8.11 35.19
25 ite 2512 344 003 488 0.05 466.70 457.55 NA NA
TILTS 756 0.85 1654 293  96.04 94.56 4.75 4.84 NA
lin only 460 010 555 019 6191 61.70 7.31 7.42 1.51 1.53
lin & svd batch 40 387 012 5.6l 0.21 15.35 1.32 29.11 34556  6.19 71.64
lin & svd update 387 012 561 021 6.40 1.04 71.87 44083 14.84  90.62
36 ite 3612 314 0.02 436 0.03 899.88 874.98 NA NA
TILTS 617 079 1473 283 19497 193.62  4.29 4.52 NA
lin only 343 0.08 487 014 156.64 14882  5.39 5.89 1.24 1.30
lin & svd batch 50 359 011 514 019 3931 2.61 2239 336.69 4.83 72.80
lin & svd update 359 011 514 019 1317 1.49 66.82 58949 1443 127.28

Time is reported for 120s thermal estimation.

incremental SVD update does not introduce extra error by
further boosting the estimation speed (will be shown later).

In addition to showing the transient results of the probe
grid, we also plot the estimated full-chip temperature error
distribution snapshot at a random time point in Fig. 7. It is
clear that the results given by using iteration method (see
Fig. 7b) are very accurate, with temperature error across the
chip to be within 0.12°C. By using local linear thermal mod-
els, the error becomes a little larger, but still very small with
the largest temperature error to be within 0.3°C, as shown in
Fig. 7d. Then, by applying MOR (whether with batch SVD or
further introducing the incremental SVD update technique)
to the linear thermal models (see Figs. 7e and 7f), the error of
“lin & svd update” method is almost identical to previous
batch SVD one, meaning that the incremental SVD update
technique does not introduce additional thermal estimation
error. Last, the error of TILTS (see Fig. 7c) is much larger
because it can only use one Taylor expansion point.

5.3 Speed and Accuracy Data of the Proposed
Method

20 , : : : :
We have graphically seen from Section 5.2 that the new =
method has good accuracy. Now in this part, we show the of

speed and accuracy comparison results of the new method
against the iterative method and TILTS, when they are
applied on different multi-core systems. For each multi-core
system, we generate 100 different dynamic power traces
with different combinations of SPEC benchmark power
traces and scale patterns, then perform transient thermal
simulations using different methods on all power traces.
Table 2 records the speed and accuracy data of the new
method comparing with “ite” and TILTS. For estimation
accuracy, “ite” performs best as expected. This is because

“ite” uses the full-sized thermal model and the leakage’s
nonlinear effect is handled accurately at each time step
through iteration. “lin only” gives slightly larger errors than
“ite”, because it is based on the linear approximation of static
power at several Taylor expansion points. Errors given by
“lin & svd batch” method are slightly larger than those of the
“lin only” one, simply because it uses a reduced thermal
model. Accuracy performance of “lin & svd update” is
almost the same as “lin & svd batch”, from which we can
conclude that performing incremental SVD update on the
projection matrix U, introduces negligible error. We also
show frequency response comparison in Fig. 8. In the figure,
we plot a diagonal element (denote as h(s)) of the transfer
function matrix H(s) = L(G; + sC) " B. Since h(s) is a diago-
nal element of the transfer function matrix, it represents the
transfer function of input (power) and output (temperature)
at the same thermal node on chip. The transfer functions of
the reduced models for the same input and output pair are
also plotted. We can see that the frequency responses of the

-o-Original
_20} *svd batch
-=svd update

Magnititude(dB)

40 ‘ ‘ ‘ ‘ ‘
107° 107 107" 10° 10 10 10
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Fig. 8. Frequency responses of 16-core system thermal models, with
input (power) and output (temperature) at the same thermal node on
chip. “Original” represents original full-size model, “svd batch” and “svd
update” represent reduced models after MOR process with pure SVD
and incremental SVD, respectively.
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TABLE 3
Detailed Computing Time Analysis with the 16-Core System Case
model update U, update analysis time total time

method count time (s) count time (s) (s) (s)

max avg max avg max avg max avg max avg max avg
lin only 20 7.33 7.26 2.66 NA 28.10 27.26 34.42 29.92
lin & svd batch 32 17.07 0.23 0.11 14 1.12 11.28 0.99 0.78 0.69 12.29 1.79
lin & svd update 32 17.00 0.23 0.11 14 1.12 4.27 0.36 0.71 0.68 5.09 1.15

“Model update” represents thermal model update, “U, update” means re-generating U,., “analysis time” stands for pure transient simulation time.

reduced models given by “lin & svd batch” and “lin & svd
update” overlap each other, showing high accuracy of the
reduction. Finally, TILTS has the worst accuracy perfor-
mance of all methods. This is because TILTS can only have a
single Taylor expansion point (in the experiment, at 80°C),
and is only accurate around that expansion point. TILTS
does have smaller integration-based truncation error than
the proposed method (in the experiment, truncation error of
TILTS equals to estimation with 0.0001 s time step, while that
of the proposed method equals to estimation with 0.01 s time
step). However, for leakage-aware thermal estimation, error
caused by leakage linearization can be much larger than inte-
gration-based truncation errors. As a result, TILTS has larger
final thermal estimation error than the proposed method,
because of its large leakage linearization error.

Now let us look at the speed comparison in Table 2. First,
TILTS and “lin only” are several times faster than “ite”
because they both use linear thermal model to avoid the
time-consuming iteration process. It is noted that “lin only”
is a little faster than TILTS, which is explained as follows.
The essence of TILTS is to perform thermal estimation using
time step equals to power sampling interval to achieve a
faster speed, but still keeps integration-based truncation
error as the same as HotSpot with a smaller time step. In our
experiment, time steps of all methods are set to be the power
sampling interval (0.01 s) as practical settings for runtime
thermal estimation to ensure estimation speed. In this case,
TILTS show no advantage in speed as expected, because it
has no time step advantage. It is even a little slower than the
proposed method, because the proposed method uses for-
ward and backward substitutions with pre-factorized sparse
LU decomposition, which is almost linear for sparse matri-
ces, while TILTS needs to compute the matrices from the tra-
ditional simulation method first and perform dense matrix-
vector multiplications, with higher complexity O(n?).

“lin & svd batch” shows even better speedup than “lin
only” method, benefiting from using the smaller reduced
thermal model. “lin & svd update” performs best in estima-
tion speed. It uses the same sized reduced thermal model as
“lin & svd batch” method, but it is much faster. This is
because “lin & svd update” employs incremental SVD
update to generate the new projection matrix U,, which
greatly reduces the overhead of the MOR process.

In order to see more detailed computing time information
other than the total time, we perform an in-depth analysis
with the 16-core system case. We divide the total computing
time into three components: “model update”, “U, update”,
and “analysis”. “model update” represents updating the
thermal model when the Taylor expansion points become
invalid (also count in MOR process using previous projection

matrix U, for “lin & svd batch” and “lin & svd update”
cases). “U, update” means re-generating the projection
matrix U, in MOR when it becomes invalid. “analysis time”
stands for pure transient simulation time using thermal mod-
els, excluding the thermal model change time (counted in
“model update”) and projection matrix re-computing time
(counted in “U, update”). The results are show in Table 3.
We can see that “lin & svd batch” and “lin & svd update” are
much faster than “lin only” on both “model update” and
“analysis time” parts. The speedup from “analysis time” is
obviously due to the fact that the former two both use
reduced thermal models in transient simulation. While the
“model update” speedup is simply because the LU decom-
positions of the former two are based on the reduced thermal
model matrices. For “U, update” time, “lin & svd update”
shows great advantage than “lin & svd batch”. Such benefit
is gained by the incremental SVD update technique intro-
duced in Section 4.4.3. For “lin & svd batch” and “lin & svd
update”, their “U, update” time will be significant when the
update count is large, leading to a slow down in estimation
speed. This extreme case happens when the chip tempera-
ture changes frequently and drastically in the estimation
duration. But even for such worst case in our 100 tests, “lin &
svd update” still gains around 39x and 8x speedup against
“ite” and TILTS, respectively, as shown in Table 2.

5.4 Sensitivity Analysis of Taylor Expansion
Temperature Region Length

In this section, we analyze the impact of Taylor expansion

temperature region length on the accuracy and speed of the

new thermal estimation method.

We perform thermal estimation using “lin & svd update”
on the 16-core system, with different temperature region
lengths ranging from 1°C to 80°C. The accuracy and com-
puting cost results are shown in Fig. 9. We see that the esti-
mation error is smaller with shorter region length, because
more updates of thermal model and projection matrix are
performed. However, if the region length is shorter than
10°C, decreasing region length further has negligible contri-
bution in estimation accuracy, meaning that each linear
approximation of leakage current can approximately cover
around 10°C temperature range. On the computing time
side, as shown in Fig. 9, very short temperature region
length leads to large computing time cost, especially when
the length is shorter than 10°C, because a lot of thermal
model and projection matrix updates are performed. When
the region length increases from 10°C to 40°C, there is a
small time cost increase, because larger region length results
in lager estimation error and leads to a little more updates.
Lastly, when the temperature region length becomes very
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Fig. 9. Accuracy and computing cost analysis of using different tempera-
ture region lengths, with “lin & svd update” method on the 16-core chip.

long (for example, around 80°C), the time cost will decrease
again, because node temperature hardly gets out of this
long range to trigger updates. However, since the thermal
estimation accuracy will be poor for such long region
length, it is a bad choice in general unless extremely fast
speed is required. In general, we see that the temperature
region length affects the trade-off between estimation accu-
racy and computing cost, so it needs to be chosen according
to the desired balance point of accuracy and cost.

6 CONCLUSION

In this article, we have demonstrated a new fast full-chip
transient thermal estimation method. The new method uses
Taylor expansion based local linearization technique to
avoid the time-consuming iterations used in the traditional
thermal analysis methods. A new linear thermal model is
also formulated for easy transient simulation of temperature
and static power. In order to further increase the thermal
estimation speed, a specially designed model order reduc-
tion method with partial and incremental SVD update tech-
nique has been integrated into the estimation framework to
generate local compact thermal models. The new method
has been tested on several multi-core chips with SPEC
benchmarks. The results show that the new method is able
to accurately estimate full-chip transient temperature distri-
bution. On different chips with core number ranging from 9
to 36, it achieved 85x to 589x speedup in average against
traditional iteration based method, with average thermal
estimation error to be around 0.2°C.
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